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Happily Ever after? Domestic Violence in Periods of Scarcity * 

Adriana Camacho 
Catherine Rodríguez 

Abstract 

This paper estimates the causal impact that changes in household´s 
income have on Domestic Violence (DV) rates in Colombia. Using the 
arguably exogenous variation in time and space of the payments of a 
Conditional Cash Transfer (CCT) program and a three-year-long monthly 
municipal balanced panel data set, we find that DV rates decrease by 
six percent in the months when the transfers are received. However, 
this effect is only transitory and varies according to households’ 
expectations on when the transfers are received. Negative shocks that 
take place when families do not receive the transfer they were 
expecting, intensify economic scarcity, and DV rates in those months 
follow suit. On the contrary, positive shocks that occur when families 
receive an unexpected transfer only have a marginal reduction on DV. 
The channel that appears to be explaining our results is a budget 
constraint alleviation mechanism that reduces scarcity as the timing of 
the receipt of the transfer consistently reduces DV and increases 
consumption in the month of payment. Furthermore, there is no clear 
evidence of alternative channels that could explain the results such as 
changes in female empowerment, marital status, labor participation, or 
social networks of the beneficiary women.  

JEL codes: D03, J12, J16 
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¿Felices para siempre? Violencia Domestica en Periodos de Escases* 

Adriana Camacho 
Catherine Rodríguez 

Este trabajo estima el impacto causal que tienen los cambios en 
ingresos del hogar sobre la tasa de Violencia Domestica (VD) municipal 
para Colombia. Para ello se utiliza la variación exógena, dada en el 
tiempo y en el espacio, de los pagos del programa de  Transferencia 
Condicionadas, encontrando así, que la tasa de VD se reduce en un seis 
porciento en los meses de pago de la transferencia. Choques negativos 
de ingreso, que occuren cuando la familia no recibe una transferencia 
que esperaba, intensifica la escases económica  y se traduce en una 
mayor tasa de VD. Por el contratio, cuando ocurren choques positivos 
de ingreso, por recibir una transferencia inesperada, solo se evidencia 
una reducción marginal en la VD. El canal por el cual se reduce la VD 
parece estar explicado por la reducción en la escasez económica. La 
transferencia relaja la restricción presupuestal permitiendo un 
incremento en consumo que coincide exactamente con el mes de pago. 
Adicionalmente, no hay evidencia clara que indique que otros canales 
alternos como el empoderamiento de la mujer, el estado civil, la 
participación laboral, o redes sociales puedan estar cambiando. 

Códigos JEL: D03, J12, J16 
Palabras clave: Violencia Doméstica, Escases, Transferencias 
Condicionadas.  
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1. Introduction

Recent estimates from the World Health Organization indicate that almost 35 percent of women 

worldwide are subject to domestic violence, and 38 percent of their murders are committed by their male 

partners (WHO, 2017). Apart from being a violation to human rights, domestic violence embraces direct 

and indirect costs for their frequent victims, women and children, making it a significant public health 

issue.1   

It comes as no surprise, thus, that researchers from fields as diverse as psychology, sociology, 

criminology and economics have studied the causes and consequences of this violent behavior. The review 

of this literature suggests that domestic violence could be encompassed in two types of behaviors: 

instrumental and expressive. The former suggests that domestic violence is used to extract resources or 

control the behavior of the partner or individuals in the household appearing as an instrumental behavior 

(Tauchen, Witte and Long, 1991; Bloch and Rao, 2002; Eswaran and Malhorta, 2011; Bobonis et al., 2013). 

The later suggests that domestic violence emerges either when, under stressful situations, individuals lose 

control of their actions and use it as a way of releasing frustration or in cases where it provides the 

perpetrators an increase in their utility or wellbeing, appearing as an expressive behavior.  (Tauchen, Witte 

and Long, 1991; Card and Dahl, 2011).  

In the economic literature, the question of interest has predominantly focused on how additional 

income in women’s hands may affect the levels of domestic violence they are exposed to. Theoretically, 

the impact of additional resources will depend on the model under which it is analyzed, thus, the direction 

of this effect is ambiguous. Under a non-cooperative bargaining model, extra resources could increase 

women’s empowerment, as well as their threat point and out of marriage options inducing a reduction in 

domestic violence. However, if one assumes violence is instrumental, an increase in a woman’s income 

could generate an upsurge in the domestic violence she is exposed to if her partner seeks to extract these 

additional resources from her. Likewise, men backlash theories suggest that domestic violence may 

escalate if men feel threatened and sense their level of power within the household is diminished. If, on 

the contrary, the theoretical model assumes violence is expressive, extra resources within the household 

1 Some studies on the causal impact of domestic violence on women's’ health include Ackerson and Subranmian 

(2008), Coker et al. (2002), Jewkes et al. (2010) y Ellsberg et al. (2008). The impact on children has also been 

analyzed by Aizer (2011), Karamagi et al. (2007), Koeing y Stephenson (2006) y Koenen et al. (2003), among 

others. 
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could reduce economic-related stress levels and through this channel unambiguously mitigate the 

emergence of violent acts.  

 Not coincidentally, the empirical studies in the literature that analyze the relationship between 

an increase in economic resources in the hands of women and domestic violence have found both positive 

and negative impacts. This is the case from early studies which, to deal with the endogeneity of income, 

relied their identification strategy on either an instrumental variables approach (Bloch and Rao, 2002; 

Eswaran and Malhotra, 2011) or the use of exogenous income measures such as the relative female-male 

wages within counties (Aizer, 2010). Recently, an influx of studies has taken advantage of the 

implementation of Conditional Cash Transfer Programs (CCT) around the world to study how the extra 

resources, handed out by the programs, impact domestic violence measures. Again, both positive and 

negative results are found depending on: the type of violence analyzed, women’s socioeconomic  

characteristics, as well as the CCT programs’ own design (Angelucci, 2008; Bobonis et al. 2013; Perova and 

Vakis, 2013;; Hidrobo et al., 2016; Hausehofer and Shapiro, 2016; Buller et al., 2016; Heath et al., 2018; 

Rodríguez, 2015; Roy et al., 2018; among others).  

In this paper, we analyze the impact that the exogenous timing of cash payments of Familias en Acción 

(FeA), the Colombian CCT program, has brought to its municipalities’ domestic violence rate. We use 

aggregate administrative data from the Colombian National Institute of Legal Medicine and Forensic 

Science, and from the FeA’s administrative office to construct a three-year-long monthly municipal 

balanced panel data set containing the domestic violence rates and the exact month in which the transfer 

payments were received. Our identification strategy relies on two conditions of FeA’s payment process. 

First, these payments occur in the same month for all beneficiary women in each municipality. Second, 

even though the receipt of these payments is scheduled to be every two months, there exists an important 

variation, in both time and space, in the months of payment across the country. Not every municipality 

receives the transfers in the same month and, in many cases, the payments do not follow the expected 

bimonthly schedule.  

We link the exogenous variation in the month of payment at the municipality level with its domestic 

violence rate and find that in months when payments are received this rate decreases by six percent2. 

                                                             
2 This estimate implies that 816 fewer women suffer from domestic violence in a year after the bi-monthly 
payments are received. 
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Results are consistent with empirical evidence regarding the impact of CCT payments on domestic 

violence for Peru (Perova, 2010), Kenya (Haushofer y Shapiro, 2016) and Ecuador (Hidrobo and Fernald, 

2013) finding a causal reduction on the incidence of physical violence against women.  Importantly, unlike 

previous papers, we show that this effect is transitory - occurring only in the specific month in which 

payments are delivered - and depends on households’ expectations on the month of payment. 

Specifically, the available data allows us to test the impact of the receipt of unexpected transfers as well 

as the non-reception of expected ones. Results reveal that the frustration caused by the non-reception of 

expected cash transfers increases domestic violence by almost ten percent; while the euphoria caused by 

the positive surprise of an unexpected extra payment does not affect this violence rate. Moreover, we 

provide compelling evidence that the ephemeral effect of the transfers is probably explained by the 

transient relief in the economic shortage of beneficiary families in the months in which cash transfers are 

received, and not by the traditional explanations put forward by earlier studies related with an increase 

in woman’s empowerment, social capital, or out of marriage options. 

 

This paper´s findings complement the existing literature on four different dimensions. First, 

contrasting with all previous studies that are based on small samples of households or individuals, we use 

administrative records for the whole population at the municipality level, providing stronger external 

validity to our results. Second, our measure of violence based on administrative records has two crucial 

advantages. On the one hand, it allows us to obtain an objective measure of domestic violence 

consistently collected by medical personnel, eliminating the misreporting problems and the non-random 

measurement errors common in self-reported household survey data on sensitive topics as this one 

(Agüero and Frisancho, 2017; Aizer, 2010 and Ellsberg et al., 2008). On the other hand, instead of having 

a two-point in time data on domestic violence from a retrospective questionnaire, our data allows us to 

analyze how domestic violence rates vary on a higher frequency. We observe a monthly report of 

domestic violence for a concurrent period of 36 months, reducing also recall errors that retrospective data 

may have.  

Our third contribution rests on the causal empirical analysis of the channels through which CCTs 

might impact domestic violence. To do so, we complement the administrative information with quasi-

experimental household survey data from the first impact evaluation of the FeA program in Colombia. 

Results on consumption levels from the household survey are consistent with the view of violence as an 

expressive behavior, and with the hypothesis of a temporal alleviation of the households’ budget 
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constraint. CCTs transfers reduce scarcity levels and can thus reduce economic related stress levels and 

improve decision making including domestic violence. Numerous studies have previously established, 

particularly Attanasio et al. (2012) for the Colombian case, CCT programs allow beneficiary households to 

experience higher food consumption levels than those from the control group. We complement this 

finding by providing evidence that even within beneficiary families, consumption is reported to be higher 

in payment than in non-payment months. Using the arguably exogenous timing of payment, we find that 

per-capita clothing spending and total spending is higher for beneficiary families that were surveyed in 

the month in which they received the payment compared with beneficiary families that had received it in 

previous months. Coherently, we find that precisely on payment months, labor participation of beneficiary 

mothers also decreases.   

No other channel analyzed is supported by the data as a potential mechanism. Even though most 

of the related studies above cite women’s empowerment as a plausible means of domestic violence 

reduction, unlike other papers that just mention the channel, we are able to test it and do not find 

evidence that supports this hypothesis. On the contrary, we observe that the probability that men are the 

sole decision-makers in children’s health and education decisions - precisely the outcomes that CCTs seek 

to improve and on which the reception of the transfers is conditioned - increases for beneficiary 

households after the program’s implementation.  Our results suggest that CCTs do not increase women’s 

decision-making power within the household, providing additional evidence to the recently controverted 

idea by Akresh et al. (2016) and Benhassine et al. (2015) that ultimately, the gender of the recipient of the 

cash grant is not as important as it was thought.  Results from this survey information also suggests that 

the decrease in the domestic violence rate is not driven either by changes in women’s marital status or 

through an increase on measures of their social capital based on their participation in different 

community-based organizations.  

Fourth, and finally, our results have focal implications for future policy recommendations on 

domestic violence prevention programs and CCTs in general. It is evident that the reduction in domestic 

violence brought by CCT programs is a positive and non-intended externality, but it is also temporary and 

in periods in which transfers are not received, violence reverts to their past levels or even escalates. Our 

results clearly suggest that domestic violence decreases due to the reduction in scarcity levels. As 

explained by Mullainathan and Shafir (2013), under scarcity, the thought processes that drive decision-

making is impaired. Scarcity reduces bandwidth and executive control, which in turn increases the 
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probability that violence may emerge as a response of agents. Furthermore, this could be an additional 

explanation of why domestic violence rates increased during the COVID-19 pandemic in which the 

economic halt worldwide increased poverty levels and households’ vulnerability.  

The remainder of the paper is organized as follows. Section two describes the Colombian CCT 

program, Familias en Acción, and the payment scheme of beneficiary mothers. Section three describes 

the different sources of data used, while section four details our identification strategy. Section five and 

six present our main results and channels and conclusions, respectively.   

 

2. Income shocks: The Colombian CCT program and its´ payment process.  

 

The Colombian Conditional Cash Transfer (CCT) program, Familias en Acción (FeA), started in the year 

2001 inspired on the Mexican CCT program Progresa. FeA has three main objectives including the 

reduction of poverty and inequality, strengthening health and nutrition care for children under the age of 

7, and promoting school attendance for children between the ages of 7 and 18. The program has expanded 

throughout the territory in the last 18 years and serves nearly 2.4 million families in througout the country. 

In this paper, we use information from the first and largest expansion phase of the program, which took 

place between the years 2001 and 2006 and targeted almost one million families residing in 865 

municipalities. These correspond to two thirds of the municipalities in the country and they were mainly 

rural, had less than 100,000 inhabitants; in terms of infrastructure, they had at least one bank branch to 

facilitate the program’s payment process, and health and school facilities for the delivery of its services. 

The program gives two types of incentives to fulfill its objectives. The first one is a health incentive, 

provided per household with children under the age of 7, of US$22.17 per month. To receive the payment, 

the families must take all their children, under the age of 7, to growth and developmental medical 

checkups. The second one is an educational incentive, delivered per child between 7 and 18 years old. For 

each child attending elementary education, families received $6.65 per month; for each child attending 

middle school or high school, they received US$13.3 per month. To obtain the transfer, children should 

attend school a minimum of 80 percent of the academic year. The amount of money provided in each of 

these incentives is sizable on the average beneficiary family’s income. For example, take an average family 

with two children aged 5 and 13; they are entitled to receive the health incentive and the middle school 
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education incentive for a total of US$35.5 per month. This amount represents roughly one-fifth of 

Colombia’s monthly minimum legal wage in 2007, which is the median salary in the country.3  

The payment process of these transferences is crucial for our identification strategy, and thus, a 

detailed description is essential. The program states that the payment should be delivered to the families 

every two months and distributed simultaneously to all beneficiary families from a given municipality 

during three or four consecutive days of a particular month. Between 2001 and 2008 the payments were 

delivered through a non-banking operation called “giro bancario”. These were direct cash transferences, 

handed in-person to each mother in a bank branch of their municipality.  The process of cash transfer 

payments changed in 2009 when there was a massive financial inclusion process of the beneficiary 

mothers who received the payment into their savings account. Today all transfers of the program are 

directly deposited into these savings accounts, and there is no need for beneficiary mothers to go in-

person to bank branches to receive their payment.4  

Irrespective of how the beneficiary mother received the transfers, two essential characteristics of 

their delivery have remained constant since the onset of the program. First, three mechanisms have 

always been used to inform about the payment dates: i) radio and television announcements, ii) a report 

to each municipality’s mayor that announces the payment date, and iii) notifications in the website of the 

government institution in charge of the program, Department of Social Prosperity (DPS). Second, transfer 

payments have always been scheduled to be delivered every two months for each beneficiary mother. 

Despite this last rule, the distribution in time and space of these payments in our period of analysis is far 

from being predictable. On the contrary, the payments were somewhat random, becoming the key source 

of our identification strategy, as it will be described in detail below.  

Data from the System of Information of Familias en Acción (SIFA), used in this paper, reports the exact 

payment dates and amounts of the transfers delivered to all beneficiaries in each municipality and 

confirms such randomness. Using aggregate data at the municipality level, from May 2007 to December 

2010, we create a dummy variable equal to one if the FeA payment was delivered in municipality i, in 

month m, in year t, and zero otherwise. Table 1 displays the proportion of municipalities in our sample 

that received monthly payments during the period of study.  

                                                             
3 These calculations are based on the exchange rate from January 25, 2007, moment in which the data we use in the 

paper  starts. The exchange rate was $ 2,254.67 COP for one dollar. That same year, the minimum wage in the country 

was $ 433,700 COP or US$192.36. 
4 For a more detailed account of how the payment process changed and how it now works please refer to Bayona-

Rodríguez et al. (2017). 
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Two facts are evident from this table. First, the proportion of municipalities receiving FeA’s transfer 

payments each month varies importantly over time and not all municipalities in the country receive the 

transfers in the same month, particularly in the first two years of study. For example, even though in 2007 

and 2010 almost all the municipalities in our sample received FeA’s transfers in December, in this same 

month in 2008 and 2009, only 19.9 and 2.7 percent of the municipalities received it, respectively. Similarly, 

while in June 2007 and 2008 almost none of the municipalities received the transfer payments, in June 

2009 and 2010 all the municipalities in the country received them. Second, the payment dates do not 

strictly follow the two months’ payment rule. There is a wide variation in the month of payment reception 

in any given year. For example, although there are months in 2008 in which all the municipalities in the 

sample receive the payments (February, May, July, September, and November), there are also certain 

municipalities that received the payments in consecutive months (i.e.: October and November 2009, June 

and July 2010, and November and December 2010).   

Given this national variation, it is not surprising that within municipalities, the payment dates do 

not follow the two months payment pattern either. Table 2 shows the payment months within a randomly 

chosen municipality in the sample, confirming that the payments are not always delivered according to 

the rule. Sometimes, the payments are delivered five months in a row (from July to December 2007), 

while other times the payments are not delivered for two consecutive months (February and March 2009). 

In this concrete example, roughly 30 percent of the cases do not follow the bi-monthly payment pattern 

or rule. Even though this is just a random example, a similar pattern appears in most municipalities.  

Together information from Table 1 and 2 suggest that the month in which municipalities receive each 

payment is as good as random, or at least very difficult to anticipate by the beneficiary households. 

Moreover, it is highly unlikely that dates of payment are correlated with other intrinsic characteristics of 

municipalities, including the level of domestic violence experienced in a given month. Such variations in 

payment months, which could rather be explained by administrative difficulties at the National 

Government level, are the key source for our identification strategy. 

 

3. Data 

Our study covers the 865 municipalities included in the first phase of FeA that took place between 

2001-2006, and it uses four different sources of information.  

The System of Information of Familias en Acción (SIFA) is our first source of information that 

corresponds to the administrative records of the program. This dataset specifies the exact dates in which 
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each family receives the cash transfer; enabling us to construct a variable that identifies the income shocks 

generated by the program at the municipal level, and thus, study the impact of scarcity on domestic 

violence. 

Our second source of information, the forensic data, is administered by The National Institute of Legal 

Medicine and Forensic Science.  The Institute serves as the office in charge of delivering the forensic 

services that support the country’s judicial system.5 The violence indicators used in this paper include 

monthly municipal level measures on domestic violence, interpersonal violence, homicides, suicides, 

sexual violence, and traffic accidents; these records are available at the municipal-monthly level starting 

in 2007.  

The limitation of this data is the common one to any source of official information on criminal activity. 

The data correspond to those events that need medical attention or at least that are severe enough to be 

reported in the health and judicial systems in the country, and thus, it does not include all incidents. It 

may not include minor violent incidents that the victims, for different motives, do not report to the 

authorities nor measures on psychological violence. However, we expect that there exists a strong 

correlation between the place of occurrence of major and minor incidents of domestic violence. Besides, 

this administrative data poses many more advantages than using information from household surveys. 

First, it allows us to work with the whole population instead of having a restricted sample of households. 

Second, it provides an objective measure of DV reported by medical doctors instead of having self-

reported information from a survey. Finally, it enables us to construct a monthly municipal panel data set 

that spans for almost three years, from 2007 to 2010.  

 The third source of information corresponds to the FeA quasi-experimental household panel data 

survey collected between 2001-2004, that covers a random sample of 57 municipalities that participated 

in the first phase of the program as part of the treatment group, and 65 municipalities as part of the 

control group. Households in the sample answer a standard multi-topic longitudinal household survey. In 

this paper, we use information from the baseline (collected between June and October 2002) and the first 

follow-up survey (collected between July and December 2003). The significant efforts made in data 

collection implied that attrition between both rounds of the surveys only accounts for nearly 6 percent.  

To address any differences between treatment and control households in the original data set, we follow 

Attanasio et al. (2005) and estimate a Propensity Score of treatment status and keep in the sample only 

                                                             
5 This Institute has eight regional administrations, 25 sectionals, 103 basic units and five mobile units, with 

representation in all the 32 departments and four districts in the country. 
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the women who fall in the common support.6 We are left with 7,706 women of which 5,597 report they 

were married or living with a partner in both round surveys. Since we are interested in exploring channels 

through which DV may change, we use information from this subsample of women. 

The fourth, and final, source of information is the municipal panel provided by CEDE.7 It includes the 

following municipal level variables that will be used as controls in our regressions: land inequality, per-

capita taxes, per-capita public spending in education and justice, average score on the standardized 

national high school graduation test (Saber 11), the rate of offensive actions per 10,000 inhabitants, the 

rate of interpersonal violence per 10,000 inhabitants, and homicides rate per 10,000 inhabitants. 

Table 3 includes descriptive statistics for our main variables of interest. In Panel A, we present monthly 

statistics for the 865 municipalities included in our study, accounting for a total of 35,872 observations. 

According to the data, there is a FeA payment in 56.8 percent of the municipality-months intervals during 

our period of study. The average domestic violence rate per 10,000 inhabitants is 1.1, with a standard 

deviation of 2.1 cases per 10,000 inhabitants. For a subsample of 21.840 observations, we have 

information on the rate of domestic violence according to the type of victim: intimate partner, minors, 

elders, other family members, or unknown.8 Intimate partner violence rate has the highest mean 

approaching 1.22 cases per 10,000 people, while violence against the minor, elders and other family 

member have an average of 0.43, 0.03 and 0.41 cases per 10,000 people, respectively. In this table, we 

also include the means of other types of violence that will serve as robustness checks such as traffic 

accident deaths, sexual attacks, and suicides.  

Panel B presents summary statistics from the FeA panel survey at baseline of variables of particular 

interest for this study. This data set is used to identify four potential mechanisms through which the 

income shocks could impact domestic violence: scarcity, women’s empowerment, marital status or 

participation in community-based organizations that could increase social capital. In this sample, 55% of 

                                                             
6 The controls used by Attanasio et al. (2005), authors that we follow for this sample correction,  include: urban area, 

affiliation to social security system,  age of the household head, age of the spouse, education dummies for household 

head and the spouse, dummies for the type of walls in the house, availability of sewerage, gas, pipe water and phone 

services, house ownership dummies as well as regional and municipal controls such as poverty levels, armed conflict 

exposure, access to health and education facilities, infant mortality, and rurality, among others. Results of this 

propensity score are available upon request. For greater detail on the survey, its implementation and the data collection 

process please refer to Attanasio et al. (2005) and Attanasio et al. (2012). 
7 The municipal panel is publicly available from https://datoscede.uniandes.edu.co/microdatos-detalle.php/263/panel-
municipal-del-cede/ 
8 Notice that the observations of the domestic violence rate are greater than the observations of the different types of 

domestic violence, according to the victim. This occurs because some reports to the Legal Medicine Institute does 

not have this information on the kind of victim.  
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women receive the transfer. Of these beneficiary women, a question in the first follow up allows us to 

identify that 23% of them received the transfer payment in the month they were surveyed; while the rest 

of beneficiaries received it in the previous months.  To test the scarcity channel, we use the information 

on household total per capita expenditure, as well as spending on food, clothes and alcohol, and women’s 

labor participation. To check the women’s empowerment channel, we follow the literature and use 

information from a module answered by the female head of the household or spouse, which includes 

questions regarding the household decision-making process. Specifically, the survey asks each woman the 

following five questions: i) who decides when to take a child to the doctor, if sick; ii) who decides if the 

child goes to school; iii) who decides whether or not to buy children’s clothes; iv) who decides how much 

is spent on food, and finally; v) who decides if another spending is done (e.g., fix something in the 

household or buy appliances). For each of these questions, there were four possible answers: the father 

decides alone, the mother decides alone, it is a joint decision between the mother and the father, and 

finally, other members of the household decide. Finally, we use information to understand if marital status 

and participation in community-based organizations could help explain changes in DV.  

 

4. Results  

a. Income shocks and their impact on domestic violence  

 

To identify the causal impact of FeA's cash transfers on the DV, we use the exogenous variation of the 

program’s transfer payments at the municipality level. As explained before, the beneficiary families of the 

program should receive the transfer payment every two months. However, the administrative data shows 

that the payments are not delivered in the same month in all municipalities, providing variation between 

geographical areas. Moreover, within each municipality, payments are not delivered every two months 

either, granting substantial variation over time. Even though we have no official information on the 

motives that explain each atypical case of such variation on the transfer of resources from the central 

government to each municipality, there are newspaper articles and news in social media that evidence 

some of these cases. 

Using the payments’ exogenous variation in time and space, we construct a panel dataset at the 

month and municipality level that will identify the transfers’ impact on the DV rate for all households 

residing in the municipalities that entered the program in its first expansion phase. The main empirical 

specification can be summarized in equation (1) as follows:  
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𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒𝑖𝑚𝑡 = 𝛽1𝐼𝑆𝑖𝑚𝑡 + 𝑋𝑖𝑚𝑡𝛾 + 𝜃𝑇𝑟𝑒𝑛𝑑𝑖𝑚𝑡 + 𝜗𝑖 + 𝜎𝑚 + 𝜏𝑡 + 𝜖𝑖𝑚𝑡(1) 

     

Where 𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒𝑖𝑚𝑡 measures the domestic violence rate per 10,000 people in municipality i, 

in month m, and year t.  𝐼𝑆𝑖𝑚𝑡  is a dummy variable equal to one if an Income Shock caused by the payment 

of FeA’s transfers was experienced in municipality i, in month m and year t; and takes the value of zero 

otherwise. The Ximt is a matrix that includes municipal characteristics that have yearly variation such as: 

the poverty level, the land inequality measure, the public spending in education and health, the taxes 

collected by the municipality, the quality of the education proxied by the average of the standardized test 

score at the municipality. Interpersonal injuries and homicide rates are also included with a monthly 

variation. To further control for variations in the domestic violence rate within the same municipality, we 

include in the regression a time trend at the municipality and month level (𝑇𝑟𝑒𝑛𝑑𝑖𝑚𝑡). The regression also 

includes three fixed effects: the first one is 𝜗𝑖  , which captures municipalities’ fixed effects and can thus 

control for time-invariant differences among them. The second fixed effect is 𝜎𝑚  , which represents the 

month fixed effect that controls for any seasonality that might be present in domestic violence events as 

has been  documented that certain holidays of the year have a higher consumption of alcohol, and thus, 

a higher rates of domestic violence. The third fixed effect is 𝜏𝑡 which represents year fixed effects. Finally, 

𝜖𝑖𝑚𝑡  corresponds to the idiosyncratic error term which in all specifications will be clustered at the 

municipality level.  

Under this specification, 𝛽1 is our coefficient of interest, which provides the average causal impact on 

how the municipal DV rate changes in the months in which the FeA transfers are received. The 

identification relies on two main assumptions. The first assumption requires that the payment and non-

payment months should be similar and comparable. As explained in section two, payment months within 

a municipality vary from one year to another across the country. Additionally, the inclusion of the 

municipality and month fixed effects implies that we will compare violence rates within the same month 

with and without payment in each municipality. Therefore, the only difference between months ends up 

being the FeA payment. The second assumption, exogeneity, is to our judgment a credible one given that 

it is highly unlikely that the payment dates established by the central government would depend on the 

domestic violence rate in each municipality. Moreover, since there is substantial variation within the 

municipalities it is also not the case that changes in the payment months are correlated with other 
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municipal characteristics either. These assumptions guarantee that 𝛽1 measures the causal and unbiased 

estimate of the receipt of the FeA transfers on the municipal domestic violence rates.  

Table 4 presents the results of the estimation of equation (1) having as the dependent variable the 

domestic violence rate per 10,000 people in each municipality in the first three columns. The first column 

presents the simplest model, where we only include our variable of interest, the dummy variable of the 

month when the CCT payment is delivered in each municipality. As observed, the coefficient is negative 

and significant at the 1 percent level, implying that months in which the exogenous payment is received, 

the municipality’s domestic violence rate decreases. The second column includes municipal, year, month 

fixed effects and time trends; and the third column adds municipal time-varying controls. Once we include 

municipal controls, the coefficients in column two and three are almost identical, indicating that municipal 

characteristics are not correlated with the month of the payment. Columns 4 to 7 from the same table 

use as dependent variable measures of domestic violence according to the victim. Results in column four 

show that the effect on domestic violence comes from a reduction in intimate partner violence, and not 

from violence to elder, minors, or other members of the household, as shown in columns 5 to 7.  

The results from the third and fourth column in Table 4 indicate that in the months in which the 

municipalities receive the payment there is a reduction in the domestic violence and intimate partner 

violence rate of 0.064 and 0.058 events per 10,000 people respectively9. The domestic violence average 

rate in the years studied in these municipalities is 1.1 events per 10,000 people, thus in the payment 

months, the program reduces domestic violence in nearly 5.81 percent from the average value. In turn, 

given that intimate partner average violence rate is 1.21, the receipt of transfer payments decreases it by 

4.79 percent.  

 

b. Impact of positive and negative income surprises (euphoria and frustration) on domestic 

violence  

  

The randomness of the payments allows us to go one step further and analyze how the impact of such 

income shocks depend on households’ expectations on their timing of occurrence. It is possible to argue 

that unexpected payments produce euphoria and unexpected non-payments generate frustration, and 

                                                             
9 Results in columns 1 through 3 marginally increase when we estimate them using the restricted samples used for the 

regressions in columns 4 to 7. Results can be provided upon request. 
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this, in turn, will have an impact on domestic violence as in Card and Dahl (2011) and Munyo and Rossi 

(2013).  

To test this hypothesis, we create two dummy variables. The first dummy, the positive surprise (𝑃𝑆𝑖𝑚𝑡) 

dummy, is equal to one if municipality i in month m receives an unexpected payment, and equal to zero 

otherwise. This unexpected payment is estimated by identifying payments that occur in two consecutive 

months, which are not expected by beneficiary families, as the payments should occur once every two 

months. Therefore, any payment that takes place in the second consecutive month is a positive surprise 

for the families. The second dummy identifies the negative surprises (𝑁𝑆𝑖𝑚𝑡), which occur in a municipality 

and month when the beneficiary families expect a payment, but the payment is not delivered. In this case, 

the dummy is equal to one in the second consecutive month in which the payment in municipality m is 

not received, and zero otherwise. Equation 2, which follows the same specification as equation 1, includes 

these two new terms that identify if the impact of the transfer is different depending on whether the 

families in a municipality and month were expecting it or not.  

 

𝐷𝑜𝑚𝑒𝑠𝑡𝑖𝑐𝑉𝑖𝑜𝑙𝑒𝑛𝑐𝑒𝑖𝑚𝑡 = 𝛽1𝐼𝑆𝑖𝑚𝑡 + 𝛽2𝑁𝑆𝑖𝑚𝑡 + 𝛽3𝑃𝑆𝑖𝑚𝑡 + 𝑋𝑖𝑚𝑡𝛾 + 𝜃𝑇𝑟𝑒𝑛𝑑𝑖𝑚𝑡 + 𝜗𝑖 + 𝜎𝑚 +

𝜏𝑡 + 𝜖𝑖𝑚𝑡  (2) 

 

Column 1 of Table 5 replicates results from column 3 in Table 4 as a reference point. The second and 

third column on this table presents the coefficient of interest when only the positive surprise and negative 

surprise dummies are included, respectively. A positive surprise, which means an unexpected payment, 

has a negative effect over domestic violence of a reduction of 0.041 cases per 10,000 people. A negative 

surprise, which implies not receiving an expected payment, increases domestic violence by 0.13 cases per 

10,000 people. In the fourth column, we include all the terms presented in equation (2), the payment 

dummy, and both surprises dummies. As can be observed, the impact of the reception of the transfers on 

the domestic violence rate in the municipalities decreases to 0.042 cases per 10,000 people. As in column 

2, the impact of a positive surprise has a negative sign, but it is not statistically significant. Importantly, a 

negative surprise, a non-payment that should have occurred, significantly increases the domestic violence 

rate in the municipality. Moreover, this increase is higher than the reduction caused by the actual payment 

amounting to 0.1 cases per 10,000 people, an increase of 8.7 percent in the domestic violence rate. 

Frustration impacts are more important than euphoria ones regarding their effects on domestic violence. 
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c. Heterogenous impacts and robustness checks of Income shocks on domestic violence  

 

We also analyze if there are heterogeneous impacts that emerge when the positive income shocks 

are received (Table 6 - Panel A) and some robustness checks that lend further credence to our 

identification strategy (Table 6 - Panel B). The first heterogeneous impact takes advantage of the change 

that beneficiary families underwent regarding the payment method. As detailed above, between 2009 

and 2010, a massive financial inclusion campaign opened savings accounts to almost all FeA’s beneficiary 

mothers in the country. This process, as detailed by Bayona-Rodríguez et al. (2017), created another 

exogenous variation in time and space across municipalities. We have information that allows us to create 

a dummy variable equal to one when more than 75% of beneficiary mothers in a given municipality 

received financial inclusion, and zero otherwise. Importantly, this financial campaign drastically changed 

the way the transfers were received from an in cash, visible, and time demanding receipt to an almost 

invisible automatic one. As observed in column (1), the interaction between the financial inclusion dummy 

and the month in which the transfers are received in each municipality is not statistically significant. Thus, 

the reduction of domestic violence when positive income shocks are received does not vary when the 

transfers are received in cash or through electronic payments to a bank account. We argue this result is 

important in two distinct ways. First, many CCT programs around the world had similar changes and 

payments are now delivered directly through the financial system. This suggests that the means through 

which the money is received does not matter and what is important is that it is effectively delivered to 

households. Second, it further suggests that the probable mechanism behind this causal impact of the 

transfers on domestic violence is not related with the fact that the income shock is more or less visible to 

the members of the household.  

A second heterogeneous effect, presented in column 2, shows that the impacts of the transfer do not 

differ either according to the time it has elapsed as a beneficiary of the program. This is observed with the 

coefficient of the interaction of month of payment and a dummy variable equal to one if municipality i 

has been receiving the transfer for seven or more years. This in turn suggests there are no significant 

marginal decreasing nor increasing returns of the time they have been enrolled in the program. 

Households do not get more or less accustomed to the income shock, and the effect is similar irrespective 

of the time it has elapsed since they have been doing so. However, we do find a significant heterogeneous 

impact according to the poverty level of the municipality.  The interaction between a dummy variable 
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equal to one when 75% or more of the population in municipality i have Unsatisfied Basic Needs (UBN)10 

and the month of payment dummy is positive and significant. In Colombia’s poorest municipalities, 

domestic violence marginally increases by 2 percent in months in which FeA’s payments are received. This 

finding is consistent with Hidrobo and Fernald (2013), where they show that the CCT program in Ecuador 

increases emotional violence in particular for women with primary education or residing in poorer 

municipalities. 

Panel B of Table 6 presents some robustness checks in which we evaluate the impact that the positive 

income shocks received by families in municipality i and month m have on other outcomes available in 

the forensic database. Specifically, we use as dependent variables the monthly municipal rates per 10,000 

inhabitants on traffic accidents deaths, sexual assaults, and suicides.  Not surprisingly, the transfers have 

no statistically significant impact on these alternative measures of violence or personal injuries at the 

municipality level.  

 

5. Potential mechanisms driving results on Domestic Violence 

 

Identifying and understanding the channels through which the positive income shocks reduce 

domestic violence rates is important since, with the exception of Hidrobo et al. (2016) and its companion 

qualitative paper Buller et al. (2016), it is a question that has not been directly addressed in the literature. 

Moreover, its results could guide the design of policies that help reduce this worldwide public health issue.  

To understand the mechanisms through which the FeA transfers may impact domestic violence rate 

we turn to the detailed household information used for its impact evaluation and analyze four possible 

transmission channels: scarcity (budget constraint and women’s labor force participation), women’s 

empowerment, women’s marital status, and social networks. To test if and how the transfers impact any 

of these four channels, we undertake a DID strategy with women’s fixed effects as detailed in equation 

(3) below: 

𝑂𝑢𝑡𝑐𝑜𝑚𝑒𝑗𝑡 = 𝛽0 + 𝛽1𝑃𝑜𝑠𝑡𝑡 + 𝛽3𝑃𝑜𝑠𝑡𝑡 ∗ 𝐹𝑒𝐴𝑗 + 𝑋𝑗𝑡𝛿 + ʚ𝑗 + 𝜖𝑖𝑡   (3) 

 

Where 𝑂𝑢𝑡𝑐𝑜𝑚𝑒𝑗𝑡  represents one of our four channels of interest. 𝑃𝑜𝑠𝑡𝑡  and 𝐹𝑒𝐴𝑗 represent dummy 

variables equal to one if information comes from the follow-up period, and a FeA’s beneficiary household, 

                                                             
10 Results are similar when using different percentages in the upper tail of the distribution of UBN. 
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respectively, and zero otherwise. 𝑋𝑗𝑡  are household controls that include: age and education level of the 

mother and her husband or partner, dummy variables indicating if the mother or her partner works and 

the number of children in three distinct age groups (under seven, between seven and twelve, and above 

thirteen years of age). Finally, ʚ𝑗 represent fixed effect at the woman’s level, while 𝜖𝑖𝑡 represent the error 

term which we correct with clusters at the municipality level, given that the treatment is assigned at this 

level. We study each possible mechanism under this identification strategy in turn.  

 

5.1. Scarcity:  relaxing the budget constraint with Income shock 

 

The most direct channel through which CCT could impact domestic violence rates is through the 

temporal alleviation of the households’ budget constraint that reduces scarcity levels and can thus reduce 

economic related stress levels and improve decision making by beneficiary households. As suggested by 

Mullainathan and Shafir (2013), under scarcity, the thought processes that drive decision-making is 

impaired, and violence may emerge as an expressive behavior.  

Results from the euphoria and frustration impacts could be directly interpreted as the consequences 

of the economic shortage that the conditional transfers can ease in months when payments are received, 

and that they exacerbate when they do not occur but are supposed to. When two consecutive payments 

are delivered, the scarcity level in the second month is plausibly lower, and thus, the changes in stress and 

violent reactions by household members could diminish. When no payment is received for more than two 

months, its probable that stress levels associated with economic shortage could be higher and violence 

erupts.11  Furthermore, this interpretation is consistent with two related pieces of literature that analyze 

how CCT, on the one hand, increase consumption levels of beneficiary families (Attanasio et al., 2012), 

and on the other hand, reduce crime levels just after the payment is released. (Camacho et al., 2014). 

Table 7 summarizes how FeA’s transfers impacted per capita consumption levels of households as 

well as women’s labor force participation. Panel A summarizes the main results of the DID-FE estimations 

from specification (3) when we compare how the outcomes of interest change over time for treatment 

and control households. Following the findings by Attanasio et al., (2012), columns 1 and 2 show an 

                                                             
11 Alternatively, the increase in domestic violence when expected payments do not occur could also be explained by 

partners not believing the beneficiary mothers the transfers did not occur and using violence to try to appropriate them. 

We are not able to test this hypothesis with the available data but if this was the channel there should be no differential 

impact between months of transfers receipts and months with positive surprises.  
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increase in the average total per capita expenditure, and per capita expenditure on food, respectively. 

The increase in consumption is observed in the follow-up survey for those women who received FeA’s 

transfers compared to those who live in control municipalities. As reported in columns 3 and 4, there is 

no statistical difference in terms of alcohol or clothes expenditures. Similarly, as presented in column 5, 

we do not find evidence that labor force participation decisions changed after the transfers were received 

when we compare women from treatment and control municipalities. 

Information from the follow up survey includes a unique question that allows us to know if, in the 

specific month in which women were interviewed, they had received the cash transfer. This payment 

information allows us to go a step further and compare reported expenditures and labor force 

participation of all treated women depending on whether they had received the transfer that specific 

month or not.   A total of 663 beneficiary women (22.16%) reported they received the cash transfer in the 

month of interview. Panel B presents the coefficient of interest of an OLS regression where we compare 

these 663 women with the rest of beneficiary women who did not receive the transfer payment in the 

month they answered the survey. As observed, in months in which the transfer is received, total per capita 

household expenditure increases by almost 4% (0.1 standard deviations). Although no difference between 

treated women in months of payment emerge when analyzing food expenditures - suggesting beneficiary 

households’ smooth consumption of these goods – there is indeed higher expenditures in other less 

essential items such as clothes (an increase of 17%) in the month of payment reception. Moreover, labor 

supply of beneficiary women in payment months decrease by almost 15% (0.1 standard deviations) when  

compared with beneficiary women in non-payment months suggesting also a lower necessity of income 

precisely in those months.12 We argue that this less stringent budget constraint decreases levels of stress 

or anxiety in the household, and as a result, the reduction in DV is explained.  

 

5.2.  Women’s empowerment 

 

The second plausible channel through which positive income shocks from CCTs could decrease DV in 

our context is through an increase in women´s empowerment within the household. To analyze this 

                                                             
12 Studies in other contexts have previously established that working increases women’s bargaining power and 
could, therefore, reduce violence against them (Aizer, 2010; Anderson and Eswaran, 2009). This negative effect on 
labor supply of women after CCTs – previously studied by Fernandez and Saldarriaga (2014) and Alzúa et al. (2013) 
for the Latin-American context – suggest that labor participation could not explain its impact on the reduction in 
DV either.  
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channel, we use the information on who in the household takes decisions regarding children’s schooling, 

children’s health, household expenditure on children’s clothes, household consumption of food, and 

other spending decisions. The answers to these questions, although subjective, are commonly used for 

these purposes by several studies in the literature such as Adato et al. (2000), Pitt et al. (2006), Garikipati 

(2008), Anderson and Eswaran (2009) and Ashraf et al. (2010), among others.   

We avoid normative discussions on how these decisions should be taken by analyzing if there are 

changes in the decision-making processes within the same household due to their participation in the 

program. For this purpose, for each of the five questions in both baseline and follow-up surveys, we define 

a dummy variable equal to one if, according to the mother, the father is the sole decision maker in the 

household, and zero otherwise. For each decision, we follow specification (3) and exploit the variation in 

the decision making for each household comparing the period before and after the introduction of the 

CCT program and controlling for women’s fixed effects. We estimate Seemingly Unrelated Regressions 

(SUR) models that allows us to run the five equations simultaneously, one for each decision, with a gain 

in efficiency. 

Table 8 present the DID coefficients obtained where each column presents a specific decision for four 

distinct samples of women: i) all women in the survey (Panel A); ii) women from households with children 

all above seven years old (Panel B); iii) women from household with children all under seven (Panel C), 

and; iv) women from households with children of both age brackets (Panel D). The table provides evidence 

that does not support the traditional hypothesis under which the extra income provided by the program’s 

transfers gives additional bargaining power to the mother, within the household.  On the contrary, for 

schooling and doctor visits decisions, after the implementation of the CCT program, the fathers from 

beneficiary households have a significantly higher probability of being the sole decision-maker in those 

regards. After the FeA program started, this likelihood increased by 2.3 and 4.2 percentage points, 

respectively. These results accounts for an increase of 20 percent and 33 percent in the rate. Importantly, 

it suggests that the decrease in domestic violence is not explained by the rise in women’s empowerment, 

at least as measured through these questions. 

Interestingly, the increase in fathers’ decision power within the household takes place in precisely 

those aspects in which the transfers are conditioned on: schooling and health. Moreover, as can be 

observed in the panels below, fathers’ decision power on schooling and health issues takes place only in 

households where all or some children are above seven years of age. The impact is particularly strong in 

the education decision, which is the one decision from which these households are entitled to receive the 
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transfers. For households with only children below seven years of age, fathers’ decision power increase 

in spending regarding to clothes.   

 These results are interesting above and beyond the analysis of possible channels through which 

transfers could reduce DV for at least three reasons. First, they present to the best of our knowledge, the 

first estimation of the impact that CCTs can bring on women’s empowerment, a question that has been 

surprisingly understudied given the increasing attention gender equality and female empowerment have 

received in recent years, and particularly for the implementation of this type of program. Second, they 

contrast with the impact of other programs on women’s empowerment such as microcredit (Garikipati, 

2008; Pitt et al., 2006; Hashemi et al., 1996) or access to formal financial products (Ashraf et al., 2010). 

Third, they provide some explanation for the recent findings in which the gender of the transfer recipient 

has no significant influence on impact outcomes (Akresh et al., 2016 and Benhassine et al., 2015).  

 

5.3. Marital Status and social networks 

 

CCT programs may decrease DV through two additional channels: marital status and social networks.  

With the transfers, women may feel more secure to leave a violent relationship, and this could help 

explain why there is a reduction in domestic violence. Alternatively, an increase in their participation in 

community-based organizations – the survey includes information on religious, residential, cooperatives, 

among others - could change social norms and reduce the tolerance for DV (Chiapa et al., 2012). Few 

papers in the literature have evaluated the impact of CCTs on these two outcomes. Table 9 summarizes 

the main results obtained when estimating equation (3) having as a dependent variable if the woman is 

single or divorced and whether they participate in any community-based organization. Of course, for the 

first outcome we use information for all women in the sample. Controlling for women’s FE our results 

show that receiving cash transfers from the program has not significantly affected women’s probability of 

being married nor their probability of participating in community-based organizations. Thus, there is no 

evidence that these two channels could explain the reductions in DV observed either.  

 

6. Conclusions 

 

This paper investigates the causal impact that the Colombian CCT program, has brought to women’s 

wellbeing in the country measured by the incidence in domestic violence. We find that the program has 
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significantly reduced the domestic violence rate at the municipality level by six percent in the months 

when the payments are received. We use surprise payment and non-payment months to test euphoria 

and frustration effects respectively and find a differential response to each of them. While the incidence 

of domestic violence is not affected when there are consecutive unexpected payments; it significantly 

increases when there are successive months where no payments are received. Results further suggest 

that the impact is driven by a reduction in intimate partner violence, with no changes on violence against 

children, the elderly or other members of the household. As a robustness check, we also rule out the fact 

that the transfers are associated to other incidents such as: traffic accident deaths, sexual attacks, and 

suicides.  

We test four possible transmission channels through which this effect could be taking place: 

alleviation of the budget constraint, female empowerment, and changes in marital status or participation 

in community-based organizations. We find that the program does not empower women. On the contrary, 

results suggest that the probability that men are the sole decision-makers in aspects related to children’s 

education and health is increasing in beneficiary households.  We do not find evidence of changes in 

marital status decisions of beneficiary women, nor social capital either. The channel that seems to be 

driving the results corresponds to a reduction in economic shortage where the transfer payments are 

probably alleviating the budget constraints.  We are able to identify an increase in household expenditures 

for beneficiary families during the month of payment and a reduction in women’s labor supply.  This is 

consistent with the idea that the impact of the transfer is stronger (weaker) when the shortage is more 

(less) salient.  

The positive and significant impacts that transfers have on domestic violence found in this paper are 

relevant as it is not a specific objective of FeA. This unexpected result is encouraging and has additional 

positive implications on the beneficiary families’ welfare. However, they also suggest that the reduction 

in domestic violence caused by the payments is fragile and temporal since domestic violence rises when 

families do not receive an expected payment. Thus, although CCT programs may help reduce domestic 

violence in the short run, countries need to create specific programs to abolish this crime and strengthen 

women’s empowerment within the household. Thus, as suggested in the recent analysis by Roy et al. 

(2018), a permanent reduction in this crime requires additional interventions over and above the cash 

transfers they provide. This will become even more important in the post pandemic era where the 

negative economic impact will be important, particularly for the most vulnerable families in the society. 
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Tables 

Table 1. Monthly proportion of Municipalities that received the FeA payments, 2007-2010 

  2007 2008 2009 2010 

January N.A. 1.3% 100.0% 22.3% 

February  N.A. 100.0% 4.6% 100.0% 

March N.A. 13.1% 3.6% 2.0% 

April N.A. 35.0% 99.9% 99.9% 

May 55.5% 100.0% 92.0% 3.7% 

June 0.0% 0.1% 100.0% 100.0% 

July 98.6% 100.0% 7.2% 100.0% 

August 34.6% 0.2% 100.0% 2.2% 

September 99.2% 100.0% 2.1% 100.0% 

October 14.5% 4.5% 100.0% 1.5% 

November 83.6% 100.0% 100.0% 100.0% 

December 99.3% 19.9% 2.7% 100.0% 

                                      Source: SIFA, authors calculations. N.A.: information for these months is not available. 

 

Table 2. Monthly FeA payments delivered in a given municipality, 2007-2010 

 2007 2008 2009 2010 

January N.A. 0 1 0 

February  N.A. 1 0 1 

March N.A. 1 0 0 

April N.A. 0 1 1 

May 1 1 1 0 

June 0 0 1 1 

July 1 1 0 1 

August 1 0 1 0 

September 1 1 0 1 

October 1 0 1 0 

November 1 1 1 1 

December 1 0 0 1 

Source: SIFA, authors’ calculations. N.A.: information for these months is not available 
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Table 3. Descriptive statistics (SIFA, Forensics and FeA Panel Survey) 

   Number of 
Observations  

 Mean  SD   Min   Max  

Panel A: Municipality level data           

            
Month of the FeA payment  35,872 0.568 0.50 0.00 1.00 

Domestic Violence rate per 10.000 people 35,872 1.089 2.12 0.00 69.30 

Rate of intimate partner violence per 10,000 
people 

21,840 1.216 6.22 0.00 249.10 

Rate of violence towards minors per 10,000 
people 

21,840 0.425 2.04 0.00 92.45 

Rate of violence towards elders per 10,000 
people 

21,840 0.032 0.27 0.00 12.96 

Rate of violence towards other family 
members per 10,000 people 

21,840 0.414 1.82 0.00 82.18 

Rate of traffic accidents deaths per 10,000 
people 

35,872 0.354 0.35 0.00 629.72 

Rate of sexual attack rates per 10,000 people 35,872 0.107 0.11 0.00 32.02 

Rate of suicidess per 10,000 people 35,872 0.053 0.05 0.00 216.82 

            

Panel B: FeA Panel Survey            

            

Received FeA+ 5,597 0.55   0.00 1.00 

Received transfer payment in month of 
survey (first follwup) + 

2,989 0.23   0.00 1.00 

Total household pc expenditure 5,499 43,328.2 24,811.8 1,700.0 221,842.2 

Total pc expenditure in food 5,478 35,299.5 22,567.8 3.4 205,620.0 

Total pc expenditure in alcoholic drinks 5,592 375.8 2,527.0 0.0 80,000.0 

Total pc expenditure in clothes  5,576 3,087.7 6,483.8 0.0 74,166.7 

Woman worked last week+ 5,587 0.26   0.00 1.00 

Father alone makes doctor decisión+ 5,597 0.09   0.00 1.00 

Father alone makes school decisión+ 5,597 0.11   0.00 1.00 

Father alone makes clothes decision+ 5,597 0.28   0.00 1.00 

Father alone makes food decision+ 5,597 0.42   0.00 1.00 

Father alone makes extra spending decision+ 5,597 0.40   0.00 1.00 

Single or Divorced+ 7,167 0.19   0.00 1.00 

Participation in community-based 
organization+ 

5,566 0.30   0.00 1.00 

Sources: SIFA, Forensics, and FeA Panel Survey. Notes: In Panel A, the unit of observation is municipality per 
month. Notice that the observations of the domestic violence rate are greater than the observations of the 
different types of domestic violence, according to the victim. This occurs in many cases because the Legal 
Medicine Institute does not have a record of the kind of victim, it only includes if there is a domestic violence 
event. All the variables shown in Panel B come from the data at baseline of the FeA Panel Survey for those women 
who have information at both baseline and follow-up survey and report having a partner in both surveys. 
Variables with the + symbol represent dummy variables.  
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Table 4.  FeA payment’s average impact on the domestic violence rate. 

  (1) (2) (3) (4) (5) (6) (7) 

  

Domestic 
violence  

Domestic 
violence   

Domestic 
violence   

Intimate 
Partner 
violence  

Violence 
against 

the elder  

Violence 
against 

the 
minors  

Violence 
against 
other 
family 

members  

                
FeA Payment 
Month -0.084*** -0.065*** -0.064*** -0.058*** 0.006 -0.002 -0.020 
  (0.020) (0.020) (0.020) (0.020) (0.019) (0.005) (0.028) 
                
Fixed Effects               
             
Municipalities No Yes Yes Yes Yes Yes Yes 
             Year No Yes Yes Yes Yes Yes Yes 
             Month No Yes Yes Yes Yes Yes Yes 
             Municipal 
time trend No Yes Yes Yes Yes Yes Yes 
Controls No No Yes Yes Yes Yes Yes 
                
Observations 35,872 35,872 35,872 21,840 21,840 21,840 21,840 

R-squared 0.000 0.002 0.006 0.004 0.004 0.009 0.003 
Number of municip.  865 865 865 838 838 838 838 

Sources: Administrative data from FeA program (SIFA), Forensics data, and Municipal Panel. Notes: All dependent 
variables are expressed in rates per 10,000 inhabitants. Controls include taxes per capita collected by the 
municipality, Gini land inequality, the amount of public spending on education and justice, the average score on 
the high school standardized test (Saber 11), the rate of offensive actions, homicide rate and interpersonal 
violence rates per every 10,000 inhabitants.  Clustered standard errors at the municipality level in parentheses. 
*** p<0.01, ** p<0.05, * p<0.1. 
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Table 5. Euphoria and Frustration impacts of FeA payments on Domestic Violence  

  (1) (2) (3) (4) 

  

Domestic 
violence 

rate  

Domestic 
violence 

rate  

Domestic 
violence 

rate  

Domestic 
violence 

rate  

          

FeA Payment Month -0.064***     -0.042* 

  (0.020)     (0.022) 

Positive Surprise   -0.041*   -0.011 

    (0.025)   (0.027) 

Negative Surprise     0.132*** 0.105** 

      (0.044) (0.045) 

          

Constant 1.263*** 1.240*** 1.178*** 1.204*** 

  (0.333) (0.333) (0.335) (0.336) 

          

Observations 35,872 35,872 35,872 35,872 

R-squared 0.006 0.006 0.006 0.006 

Number of municipalities 865 865 865 865 

Sources: Administrative data from FeA program (SIFA), Forensics data, and Municipal Panel. Notes: Dependent 
variable corresponds to the rate per 10,000 inhabitants. Controls include taxes per capita collected by the 
municipality, Gini land inequality, the amount of public spending on education and justice, the average score on 
the high school standardized test (Saber 11), the rate of offensive actions, homicide rate and interpersonal 
violence rates per every 10,000 inhabitants.  Clustered standard errors at the municipality level in parentheses. 
*** p<0.01, ** p<0.05, * p<0.1. 

 

 

 

 

 

 

 

 

 



 

31 
 

 

Table 6. Heterogeneous impacts and robustness checks of FeA payments on Domestic Violence 

  (1) (2) (3) 

  
Domestic 

violence rate  
Domestic 

violence rate  
Domestic 

violence rate  

Panel A: Heterogeneous impacts       

FeA Payment Month -0.057** -0.074** -0.090*** 

  (0.022) (0.029) (0.024) 

FeA Payment Month * Financial Inclusion -0.042     

  (0.038)     

FeA Payment Month * 7-10 years with FeA   0.018   

   (0.035)   

FeA Payment Month * UBN75     0.116*** 

      (0.027) 

Constant 1.245*** 1.267*** 1.282*** 

  (0.327) (0.332) (0.332) 

        

Observations 35,872 35,872 35,872 

        

  

Traffic 
accidents 

deaths rate  

Sexual 
Assault rate  

Suicide      
rate  

Panel B: Robustness checks       

FeA Payment Month 0.007 0.036 -0.004 

  (0.006) (0.074) (0.011) 

        

Constant 0.115 0.036 0.198*** 

  (0.073) (0.074) (0.074) 

        

Observations 35,872 35,872 35,872 

Sources: Administrative data from FeA program (SIFA), Forensics data, and Municipal Panel. Notes: 
Dependent variable corresponds to the rate per 10,000 inhabitants. Controls include taxes per capita collected 
by the municipality, Gini land inequality, the amount of public spending on education and justice, the average 
score on the standardized test (Saber 11), the rate of offensive actions, homicide rate and interpersonal violence 
rates per every 10,000 inhabitants.  Clustered standard errors at the municipality level in parentheses. *** 
p<0.01, ** p<0.05, * p<0.1. 
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Table 7. Scarcity - relaxing the budget constraint  

  (1) (2) (3) (4) (5) 

  

Total 
household 

pc 
expenditure 

Total pc 
expenditure 

in food 

Total pc 
expenditure 
in alcoholic 

drinks 

Total pc 
expenditure 

in clothes  

Woman 
worked last 

week 

Panel A: All households            

Received FeA*Follow up 2,735.30** 4,507.78*** -126.027 -347.560 -0.008 

  [1,361.393] [1,265.823] [108.878] [419.145] [0.017] 

            

Woman's Fixed effects Yes Yes Yes Yes Yes 

Control group mean 42,423.84 34404.13 403.2093 2184.793 0.278 

Controls Yes Yes Yes Yes Yes 

Observations 10,539 10,486 10,710 10,696 10,720 

Panel B : Beneficiary households 
only           

Received cash transfer the month in 
which they were surveyed 

1,861.26* 741.56 2.32 571.20* -0.048*** 

  [988.868] [955.574] [98.061] [319.411] [0.018] 

            

Woman's Fixed effects No No No No No 

Control group mean 33,938.16 35,630.25 293.54 3,298.90 0.27 

Controls Yes Yes Yes Yes Yes 

Observations 2,843 2,829 2,879 2,882 2,886 

Sources: FeA quasi-experimental panel survey. The dependent variables are total per capita expenditure of 
the household, total expenditure in food, in alcoholic beverages and in clothes. Last dependent variable is a 
dummy variable equal to one if the mother worked last week. Notes: All regressions control for age and education 
level of the mother and her husband or sentimental partner, dummy variables indicating if the mother (except 
for model 5) or her partner works and the number of children in the household in three distinct age groups: 
under seven, between seven and twelve and above thirteen years of age. Panel A uses information from all 
women in baseline and first follow-up surveys who report having a partner in both surveys; all models include 
mother fixed effects. Independent variable of interest is the interaction of beneficiary and first follow-up 
dummys. Clustered standard errors at the municipality level in parentheses. Panel B uses information only from 
beneficiary women in the first follow-up survey. Independent variable of interest is a dummy if in the month 
when surveyed beneficiary women received the transfer.  Robust standard errors in parenthesis. *** p<0.01, ** 
p<0.05, * p<0.1. 
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Table 8. Women’s empowerment - Fathers sole decision-maker within the household 

  (1) (2) (3) (4) (5) 

  
Doctor 

decision 
School 

decision 
Clothes 
decision 

Food 
decision 

Extra 
spending  

Panel A1: All households received FeA 
      

Received FeA*First follow-up 0.023*** 0.042*** -0.006 -0.004 0.017 
 (0.007) (0.008) (0.010) (0.011) (0.012) 
      

Control Mean 0.113 0.126 0.317 0.425 0.407 

Woman's Fixed effects Yes Yes Yes Yes Yes 

Controls Yes Yes Yes Yes Yes 

Observations 10,720 10,720 10,720 10,720 10,720 

Panel B:  Only households with children above 7 

      
Received FeA*First follow-up 0.026** 0.074*** 0.020 0.024 0.022 

 (0.011) (0.012) (0.016) (0.018) (0.019) 

 
     

Woman's Fixed effects Yes Yes Yes Yes Yes 

Controls Yes Yes Yes Yes Yes 

Observations 4,245 4,245 4,245 4,245 4,245 

Panel C : Only households with 
children below 7           

      
Received FeA*First follow-up -0.006 0.015 0.058** -0.015 -0.009 

 (0.020) (0.022) (0.028) (0.031) (0.031) 

 
     

Woman's Fixed effects Yes Yes Yes Yes Yes 

Controls Yes Yes Yes Yes Yes 

Observations 1,158 1,158 1,158 1,158 1,158 

Panel D : Households with children below and 
above 7         

      
Received FeA*First follow-up 0.029*** 0.032*** -0.008 -0.019 0.011 

 (0.010) (0.011) (0.015) (0.016) (0.017) 

 
     

Woman's Fixed effects Yes Yes Yes Yes Yes 

Controls Yes Yes Yes Yes Yes 

Observations 5,300 5,300 5,300 5,300 5,300 

Sources: FeA quasi-experimental panel survey. We use information from all women in baseline and first follow-
up surveys who report having a partner in both surveys. The dependent variable is a dummy variable equal to 
one when father is the sole decision-maker in each case. Notes: All regressions control for age and education 
level of the mother and her husband or sentimental partner, dummy variables indicating if the mother or her 
partner works and the number of children in the household in three distinct age groups: under seven, between 
seven and twelve and above thirteen years of age. Clustered standard errors at the municipality level in 
parentheses.  *** p<0.01, ** p<0.05, * p<0.1. 
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Table 9. Marital Status and participation in community-based organizations 

  (1) (2) (3) (4) 

  Single or Divorced  Participation in groups 

  Probit DID - FE Probit DID - FE 

          

Received FeA*First Follow-up  -0.004 -0.005 -0.014 -0.019 

  (0.007) (0.005) (0.044) (0.045) 

          

Control Mean 0.189 0.189 0.240 0.240 

Woman's Fixed effects No Yes No Yes 

Controls Yes Yes Yes Yes 

Observations 14,271 14,271 10,691 10,691 
 

Sources: FeA quasi-experimental panel survey. We use information from all women in baseline and first follow-up 

surveys in columns 1-2. In columns 3-4 we use information on those who report having a partner in both surveys. 

The dependent variables are dummy variables equal to one if the woman reports being single or divorced and if 

she participated in any social or religious organization, respectively. Notes: All regressions control for age and 

education level of the mother and her husband or sentimental partner (except columns 1-2), dummy variables 

indicating if the mother works and the number of children in the household in three distinct age groups: under 

seven, between seven and twelve and above thirteen years of age. Clustered standard errors at the municipality 

level in parentheses.  *** p<0.01, ** p<0.05, * p<0.1. 

 




